DAFTAR PUSTAKA

Abbasi, M., et al. (2024). Predicting drug activity against cancer through genomic
profiles and SMILES. Artificial Intelligence In Medicine, 1-7.

Andrade, E. N., ef al. (2025). Embedded Morgan Fingerprints for more efficient
molecular property predictions with machine learning. ChemRvix, 1-15.

Asmara, O. D., et al. (2023). Lung Cancer in Indonesia. Journal of Thoracic
Oncology, XVIII(18), 1134-1145.

Boyd, K., et al. (2013). Area Under the Precision-Recall Curve: Point Estimates
and Condence Intervals. Berlin, Heidelberg: Springer.

Breiman, L. (2001). Random Forests. Netherlands: Kluwer Academic Publishers.

Cheh, S. K. (2025). Pharmacogenomics: Unlocking the Future of Personalized
Medicine and Precision Drug Development. Personalized & Precision
Medicine, 39-47.

Chen, T., and Guestrin, C. (2016). XGBoost: A Scalable Tree Boosting System. New
York: Association for Computing Machinery.

Fikadu, E., et al. (2024). MLP-SVM: ahybrid approach for improving
the performance of the classification model for health-related documents
from social media using multi-layer perceptron and support vector machine.
Applied Sciences, 1-16.

Friedman, J. H. (2001). Greedy Function Aproximation: A Gradient Boosting
Machine. The Annals of Statistics, 1189-1232.

Gil, V. H,, and Rowley, C. N. (2024). Graph neural networks for identifying

proteinreactive compounds. Royal Society of Chemistry, 1776-1792.

55



Hakkal, S., and Lahcen, A. A. (2024). XGBoost To Enhance Learner Performance
Prediction. Computers and Education: Artificial Intelligence, 1-10.

Han, X, et al. (2022). SmileGNN: Drug—Drug Interaction Prediction Based on the
SMILES and Graph Neural Network. Life Journals, 1-14.

Hoyer, P. O. (2004). Non-negative matrix factorization with sparseness constraints.
Journal of Machine Learning Research, 1457-1469.

Jiang, D., et al. (2021). Could graph neural networks learn better molecular
representation for drug discovery? A comparison study of descriptor-based
and graph-based models. Cheminformatics, 1-23.

Khan, A. A., et al. (2024). A review of ensemble learning and data augmentation
models for class imbalanced problems: Combination, implementation and
evaluation. Expert Systems with Applications,1-29.

Kong, W., et al. (2022). Application of SMILES-based molecular generative model
in new drug design. Frontiers in Pharmacology, 1-4.

Kroese, D. P., et al. (2024). Data Science and Machine Learning . New York: Tayla
& Francis Group.

Lahiri, A., et al. (2023). Lung cancer immunotherapy: progress, pitfalls, and
promises. Molecular Cancer, 1-37.

Li, Y., et al. (2023). Advances and challenges in the treatment of lung cancer.
Biomedicine & Pharmacotherapy, CLXIX, 1-18.

Liu, Q., et al. (2024). Proteogenomic characterization of small cell lung cancer
identifies biological insights and subtype-specific therapeutic strategies.

Cell Press Journal, 184-203.

56



Namini, M., et al. (2025). Personalized approaches to lung cancer treatment: A
review of targeted therapies, pharmacogenomics, and combination
strategies. Aspects of Molecular Medicine, 1-20.

Orrelid, C. 1, et al. (2025). Applying machine learning to high-dimensional
proteomics  datasets  for the identification = of Alzheimer’s disease
biomarkers. Fluids and Barriers of the CNS, 1-18.

Pinheiro, C. A., and Patetta, M. (2021). Introduction to Statistical and Machine
Learning Methods for Data Science. Cary: SAS Institute Inc.

Raharjo, B. (2022). Deep Learning dengan Python. Semarang: Yayasan Prima
Agus Teknik.

Salman, H. A., et al. (2024). Random Forest Algorithm Overview. Babylonian
Journal of Machine Learning, 69-79.

Sembiring, Y. E., et al. (2023). Lung Cancer: A Literature Review. Jurnal
Respirasi, 246-251.

Thongsuwan, S., et al. (2021). ConvXGB: A new deep learning model for
classification problems based on CNN and XGBoost. Nuclear Engineering
and Technology, 522-531.

Valkenborga, D., ef al. (2023). Support vector machines. Statistics and research
design, 754-757.

Woodman, C., ef al. (2021). Applications and strategies in nanodiagnosis and
nanotherapy in lung cancer. Seminars in Cancer Biology, 69, 349-364.

Wu, L., et al. (2022). Graph Neural Networks: Foundations, Frontiers, and

Applications. Singapore: Springer.

57



Yagin, F. H., et al. (2025). Precision Enhanced Bioactivity Prediction of Tyrosine
Kinase Inhibitors by Integrating Deep Learning and Molecular Fingerprints
Towards Cost-Effective and Targeted Cancer Therapy. Pharmaceuticals, 1-
18.

Yang, S., and Berdine, G. (2024). Confusion matrix. The Southwest Journal of
Medicine, 75-79.

Yu, N., et al. (2023). Patient-derived cell-based pharmacogenomic assessment to
unveil underlying resistance mechanisms and novel therapeutics for
advanced lung cancer. Journal of Experimental & Clinical Cancer
Research, 1-16.

Zhang, P., et al. (2022). Research and application of XGBoost in imbalanced data.
International Journal of Distributed Sensor Network, 1-10.

Zheng, Z., et al. (2024). Drug Response Modeling across Cancers: Proteomics vs.
Transcriptomics. bioRxiv, 1-15.

Zhou, J., et al. (2024). Global burden of lung cancer in 2022 and projections to
2050: Incidence and mortality estimates from GLOBOCAN. Cancer

Epidemiology, 1-11.

58



